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1 Introduction

Worker flows are closely connected to firm outcomes, reflecting the contributions to firm productivity of
both incoming workers’ human capital and the knowledge that they carry over from previous workplaces.
Therefore, inter-firm worker movement provides insight into how inter-firm knowledge transfer typically
occurs. However, although economists have long discussed and relied on the notion of inter-firm transmission
of knowledge as a means to explain growth (Romer 1990; Grossman and Helpman 1991), they have devoted
less attention to the mechanisms governing these knowledge spillovers. Up until now, no study has, for
example, investigated how knowledge transfers are linked via labor mobility to the previous exposure of
mobile workers to educationally heterogeneous workforces.

When workers move from one firm (the sending or departure firm) to another(the receiving or arrival firm),
they carry with them knowledge that they have obtained both from their work and from their interactions
with co-workers at their previous workplaces. Thus, through inter-firm labor mobility, an enterprise may
gain access to the knowledge pool to which incoming workers have been exposed in past work environments.
This knowledge pool arises partly from learning-by-using or learning-by-doing activities. It also arises from
the interpersonal exchanges between co-workers.

Since Marshall (1890), the firm environment has been viewed as a main locus in which social interactions
favor the sharing and transfer of knowledge (Moretti, 2004). The likelihood and frequency of social interac-
tions in workplaces induces employees to share what they know and use what they learn in addressing both
simple and complex problems. Although the magnitude of such knowledge transfer is highly context specific
and is strongly related to the heterogeneity of the actors involved, co-worker interactions rarely occur without
some form of knowledge sharing and exchange.

Researchers have recently examined the contribution of labor heterogeneity to firm productivity by consid-
ering the direct relationship between these variables without evaluating the possible influence of the workforce
composition of the departure firm. Among other studies at the firm level (e.g., Leonard and Levine, 2006;
Iranzo et al., 2008), Parrotta et al. (2011) investigate the existence and magnitude of this direct relationship.
The study findings provide robust, detailed evidence of the positive effects of educational diversity on firm
productivity. This evidence is consistent with the theoretical predictions of Lazear (1999), who argues that
labor diversity is productivity enhancing if one worker’s information set is relevant to and does not overlap
with another’s. However, the same study finds that ethnic and demographic heterogeneity generally does
not positively affect productivity, suggesting that the negative effects of the communication and integration
costs associated with a more demographically and culturally diverse workforce counteract the positive effects

of diversity that arise from enhanced creativity and knowledge spillover (Lazear, 1999; Glaeser et al., 2000;



and Alesina and La Ferrara, 2005).

Based on the findings of Parrotta et al. (2011), we expect to observe that, with all other things being
equal, a more heterogeneous departure firm’s educational pool results in a more likely knowledge transfer from
the departure firm to the arrival firm to occur through labor mobility. Thus, interactions with co-workers who
have heterogeneous knowledge due to their different educational backgrounds may create the opportunity for
new combinations of knowledge and skill complementarities and may promote learning opportunities that can
eventually be transferred to firms through labor mobility. This finding would provide evidence that workers
in more heterogeneous workplaces can access a valuable part of a firm’s knowledge pool and carry it with
them when they change employers.’

Labor flows between firm pairs are a conventional proxy for knowledge transfers. Earlier studies have
traced the movement of specific categories of workers, such as engineers, scientists and technical personnel,
and have focused on labor mobility as producing knowledge transfer from foreign-owned (Balsvik, 2011; Poole,
2012), R&D-intensive (Moen, 2005), patenting (Kim and Marschke, 2005) or more productive (Stoyanov and
Zubanov, 2012) firms, all of which enjoy clear competitive advantage. Nevertheless, Parrotta and Pozzoli
(2012) provide evidence that labor mobility is a potential channel for knowledge spillover within a broader
set of firms in both the manufacturing and the service sector, introducing a deeper and more generalized
process of learning-by-hiring into the economy. As a result, the advanced knowledge embedded in specific
categories of firms seems to reflect only part of the phenomenon of inter-firm knowledge transfer. This gives
us reason to view workers as the actual carriers of knowledge, who induce productivity improvements across
firms.

Although Parrotta and Pozzoli (2012) provide critical details regarding the general knowledge transmission
mechanism, they do not explore how differences in co-worker profiles in previous workplaces may encourage
knowledge transmission. To examine the latter is our main goal in this paper. Specifically, we investigate
whether and to what extent past workforce diversity in education affects arrival firm productivity. In addition,
we test whether diversity of ethnicity and the demographics of departure firms play a role in the knowledge
transfer mechanism.

In treating the average departure firm’s educational diversity as a production input that is selected by the
firm, we follow Ackerberg et al. (2006). The main advantage of this approach is that it allows us to overcome
potential issues of endogeneity and collinearity by allowing firms to observe productivity shocks before hiring
knowledge carriers. Addressing potential endogeneity problems in this fashion is of fundamental importance

for the empirical analysis, which otherwise might suffer from severe bias related to the key parameters of

IThis knowledge transfer is also a key factor in starting a new business. Indeed, Marino et al. (2012) find that educational
diversity promotes entrepreneurial behavior (transitions from employment to self-employment) among employees.



interest.

Our findings suggest that knowledge transfers are productivity enhancing when they originate from ed-
ucationally diversified departure firm workforces. On average, a one-standard-deviation increase in such
knowledge transmission increases arrival firm productivity by approximately 1 percent. A larger effect is
estimated when we consider only hires with managerial competencies, tertiary education and a longer tenure
within their departure firms. Larger effects are also estimated for employees who receive a wage increase
after moving and for employees who do not switch jobs for family reasons. By contrast, unsurprisingly, no
significant effects are associated with the ethnic and demographic diversity of previous workplaces.

The structure of the remainder of this paper is as follows. Section 2 briefly describes the data and provides
information on the main variables of interest, as well as the descriptive statistics. Section 3 explains in detail
the empirical strategy that we have implemented. Section 4 explains the results of our empirical analysis,

and section 5 offers concluding remarks.

2 Data

2.1 Data sources

In addition to the "Ethnologue: Language of the World" database, which can be downloaded from the
Internet, we use two different Danish register data sets that can be linked to each other thanks to their
common firm identifiers. Both data sources are administered by Statistics Denmark, and together, they
provide data for the time period 1995-2005.

The master data set is the "Integrated Database for Labor Market Research" (henceforth IDA) database,
a longitudinal employer-employee register that contains valuable information (regarding age, demographic
characteristics, education, labor market experience, earnings, place of work and residence) for each individual
employed in the recorded population of Danish firms during the period 1980-2005. Apart from deaths and
permanent migration, IDA does not present any further attrition in its records. The listed labor market
status of each individual is as of the end of November of each year. In our final data set, we include
individuals (i) who are 18 to 60 years old, (ii) who have stable occupations (i.e., students, trainees and part-
time employees are disregarded), (iii) who have positive labor income and (iv) who belong to neither the top
nor the bottom percentile of the earning distribution. In addition, transitions that may have resulted from
mergers or acquisitions, i.e., transitions in which more than half of an enterprise’s workforce moves to the
same arrival firm, are excluded from the final data set.

The retrieved information is then aggregated at the firm level to obtain data regarding firm size, work-



force composition (i.e., average firm tenure and the shares of managers, middle managers, males, highly
skilled workers, technicians, and employees who belong to each age distribution quintile), labor diversity,>
partial /total foreign ownership and whether the firm includes more than one establishment (plant).

The second data source provides information about the firms’ business accounts (henceforth REGN-
SKAB).? This source covers the construction and manufacturing industries from 1995 onward, wholesale
trade from 1998 onward and the remaining part of the service industry from 1999 onward. From REG-
NSKAB, the following accounting items are retrieved to estimate the production function: value added,*
materials (intermediate goods), capital (fixed assets) and related industry.®> All of the companies in the final
sample that was used in the empirical analysis have at least 10 employees and are not in the public sector.
Furthermore, all of the firms with imputed accounting variables are excluded from the analysis.

The key features of the sources used to construct our final data set are that they provide extensive data
regarding employees and firms and that it is possible to match the records from the two sources. Both
features make the data set especially suitable for our purposes, as they enable us to examine moving workers

for each year, along with their departure and arrival firms.

2.2 Variables

This section mainly describes our measures of inter-firm knowledge transfer via worker mobility, where
knowledge arises from labor diversity. First, we identify mobile workers and their associated departure and
arrival firms.

Second, for each labor inflow, i.e., inflow involving the same departure and arrival firms, we compute the
educational diversity to which the given set of workers has been exposed during the previous year. As in
Parrotta et al. (2010), we sum the Herfindahl indices calculated for each workplace belonging to the same

firm, weighted by the number of individuals employed at each workplace, as follows:

W s
diversity; = Z Fw 1- Zp?wt ,
w=1 v s=1

where diversity;; is the educational diversity of a generic firm ¢ at time ¢, W is the total number of

workplaces belonging to firm 4, S is the total number of educational categories,® IV, and N; are respectively

2The next subsection provides a detailed description of how labor diversity is calculated.

3Firm-level statistics have been gathered in several ways. All firms with more than 50 employees or profits above a given
threshold have been surveyed directly. Other firms are recorded based on a stratified sample strategy. The surveyed firms can
choose whether to submit their annual accounts and other specifications or whether to fill out a questionnaire. To facilitate
responses, questions are formulated as they are formulated in the Danish annual accounts legislation.

4Computed as the difference between total sales and the costs of intermediate goods.

5The following sectors are excluded from the empirical analysis: i) agriculture, fishing and quarrying; ii) electricity, gas and
water supply and iii) public services.

SEducational categories are the eight highest levels of education achieved by the employees in our sample: primary education,
secondary education (general high school, business high school, vocational education) and tertiary education (engineering,



the total number of employees of workplace w in firm ¢. Thus, the ratio between the last two variables
corresponds to the weighting function, while p,¢ is the proportion of employees falling into each category s
at time ¢ in each workplace. Following Marino et al. (2012), we compute departure firm workforce diversity
excluding mobile workers and their characteristics. In calculating arrival/receiving firm workforce diversity,
by contrast, we include the inflow of newly hired employees.

Finally, we calculate, a measure of inter-firm knowledge transfers, kt. This variable is constructed as
a simple average of the educational diversity associated with all departure firms, D (d refers to a single

departure firm), from which at least one worker moves to arrival firm 4 at time ¢:

ZdD,1 diversityqs—1
ktit = % .

To complement the analysis of the role of educational diversity, we also calculate a measure of inter-firm
knowledge transfer, looking at both ethnic and demographic diversity.” More details about how sending firm

diversity is measured in terms of these dimensions are provided in Parrotta et al. (2010).

2.3 Descriptive statistics

Because the main hypothesis of this paper is that educational mobility is a channel for knowledge transmission
between firm pairs, we devote particular attention in our final data set to documenting worker flows.

As reported in Table 1, the final sample consists of 104,699 observations involving approximately 11,000
firms over the sample period 1995-2005. Unsurprisingly, approximately 70 percent of the observations involve
firms with fewer than 50 employees, as the Danish industrial structure is dominated by small firms.® Com-
pared with larger firms, small companies are more likely to be single-plant operations and to have substantially
lower levels of value added, materials and capital stock.? Moreover, whereas small firms are characterized
by large shares of blue-collar and relatively younger employees, companies with more than 50 employees
tend to have employees with longer tenures and larger proportions of middle managers in their workforces.
Given the relatively low level of foreign capital penetration in the Danish economy,'® large differences in

the shares of foreign ownership for small and large firms are not observed. In addition, no differences are

humanities, natural sciences, and social sciences) (Parrotta et al. 2011; Marino et al., 2012).

"Ethnic diversity is computed using the main language spoken in the employees’ country of origin, in accordance with the
third linguistic family tree level in the Ethnologue data. Demographic diversity is computed by combining gender and five age
dichotomous indicators associated with the quintiles of the overall age distribution.

8 According to the OECD (2005), the population of Danish firms mainly consists of small and medium-sized companies. Firms
with fewer than 50 employees account for 97 percent of firms and represent 42 percent of employment in manufacturing and
services.

9 Accounting values are reported in thousands of real DKK. Monetary Values, retrieved from the World Bank database, are
deflated using the GDP deflator with 2000 as the base year.

10Tn 2008, less than 1 percent of all private firms in Denmark were foreign-owned (@konomi- og Erhvervsministeriet, 2011).
Indeed, Danish firms invest more abroad than foreign firms do in Denmark. This pattern is consistent with the observation
that Danish firms are very active in offshoring labor-intensive manufacturing to low-cost countries, whereas Denmark does not
attract substantial investments from foreign manufacturing firms (Carlsen and Melgaard Jensen, 2008).



recorded in inflows of new workers and in the shares of women, foreigners and workers in different educational
categories. Interestingly, large firms show consistently higher values for labor diversity than do small firms,
and large firms seem to recruit employees from firms with more heterogeneous workforces. This finding may
be consistent with the assumption that larger firms typically focus more than small firms do on knowledge
management practices and may be more aware of the benefits of labor poaching than are small companies.

Table 2 provides information on the characteristics of mobile workers. These workers represent approxi-
mately 13 percent of the overall workforce and generally are younger and have shorter tenures and less work
experience than immobile workers. We generally observe that movers coming from departure firms with
above-average labor diversity are slightly more likely to be women, to hold managerial positions and to be
better educated.

Finally, Table 3 shows that the majority of job changes occur within the service industry, particularly
transport (27 percent) and financial and business services (16 percent), and that the total number of mobile
workers increased over the years until it reached its maximum value in 2002. The largest degree of job

mobility is visible within industries and is directed toward mid-sized and large firms.

3 Estimation strategy

Following the literature on the identification of the production function, we implement the structural tech-
niques suggested by Ackerberg et al. (2006). More specifically, in our analysis, productivity is estimated
using a Cobb-Douglas production function that contains real value added, Y, labor, L, capital, C; and a set
of additional variable inputs. These additional inputs are our measure of knowledge transfer, kt, and a vector
for workforce composition, X, for both arrival and departure firms. Examples of the latter include average
1

firm tenure and the shares of workers with either tertiary or secondary education.’

The log-linear production function is specified as follows:

InY; = cons + adnLy + BInCiy + yv(kti) + 0(Xie) + uit

The error term wu;; consists of a time-varying firm specific effect v;; , unobserved by econometricians, and

an idiosyncratic component &;;. Following Ackerberg et al. (2006), we assume that

E (git | lit, ity ktie, Xig, Mg, lig—1, Cir—1,, ktie—1, Xig—1, Mg —1, ..., i1, cin, ki, X, ma ) = 0,

11We also specify other control variables for partial/total foreign ownership, whether a firm includes multiple establishments,
year, industry classification and region because such variables can potentially affect productivity.



with ¢t = 1,2, ..., T, and where m refers to our proxy variable (materials) and lower-case letters to log-variables.
As past values of ¢;; are not included in the conditioning set, it means that we allow for serial dependence in

the pure shock term. However, we need to restrict the dynamics in the productivity process:

E (vt | vit—1, Vit—2, ., vi1) = E (vig | vie—1) = f (vie—1)

with ¢ = 1,2,...,T, and for given functions f(-). As in ACF’s approach, we assume material input to be
chosen after labor input. In addition, we assume that our indeces and the other additional variable inputs,
X , are set before or at the same time as material input is chosen. As a result, material demand will not only

be a function of capital and productivity, but also of [, kt and X:

mir = f(Cit, Vit, Li, ktiz, Xit)

and assuming that the material demand function is strictly increasing in productivity shock v;; , we get

Vit = £ (Cits Mty s Lity Ktir, Xit) -

The key advantage of this approach is that it allows our key variable, kt;; , to have dynamic implications
or to depend on unobserved input price shocks that may not be serially correlated. Plugging the inverse
material demand into the production function, we obtain the first-stage equation, which here serves only to

separate vy from gy,

Yir = cons + aly + Bei + vhtie + 0Xa + £ (Civy Many Lis Ktie, Xit) + €i -

The function f~1(-) is proxied with a polynomial in materials, capital, labor, kt;; and X;;. Thus, the
estimated output, net of the idiosyncratic component, is used to identify the parameters of the inputs in the
second stage. Recalling that v;; is a first-order Markov process, we define a;; as an innovation that can be

correlated with current values of the proxy variable m;; and inputs l;, kt;; and X:

it = Vit — g ('Uitfl) ,

where a;; is mean independent of all information known at t — 1 and g (-, -) is proxied also with a low-degree

polynomial in dependent variables. Given our timing assumption, we suggest using the moments:



to identify coefficients on ¢, [, kt, and X.

4 Results

4.1 Main results

Our main findings are reported in Table 4. The first column contains the OLS estimates; the other columns
show parameters from the ACF approach, which allows us to properly sort out simultaneity in identifying
the input coefficients. Columns 1 and 2 do not include the additional variable inputs, X, in addition to
our measure of inter-firm knowledge transfer, kt; they are instead added in columns 4 and 5 to investigate
whether our parameter of interest changes in terms of its sign, size or significance level.!?

The first two rows in Table 4 report the labor and capital elasticities, which differ slightly across the
methods and specifications used. Specifically, the labor elasticity is 0.75, whereas the capital elasticity
fluctuates around 0.26 in the most complete specification (column 4). As in other studies (Ackerberg et al.
2006; Konings and Vanormelingen 2009; Parrotta et al. 2011, Parrotta and Pozzoli, 2012), a slightly lower
(higher) labor (capital) contribution is estimated when OLS is used than when the ACF algorithm is used.
With respect to the other input variables, the proportion of employees with tertiary and secondary education
and the share of foreign and male workers are all statistically significant and carry a positive sign. The results
also show that productivity is increasing in the proportion of longer-tenured workers.

Our variable of interest, the measure of knowledge transfer along the educational dimension, enters the
production function with a positive sign, i.e., the average educational diversity of the departure firms posi-
tively affects receiving firm productivity. Taking the fourth column, which includes all controls and therefore
contains our more reliable estimates, we find that a one-standard-deviation increase in the knowledge transfer
index leads to a productivity enhancement of approximately 0.68 (0.189x0.036) percent. To facilitate the
interpretation of our variable of interest, we have also computed our knowledge transfer index, restricted to

cases of single movements for each pair of departure-arrival firms. The regression results for this empirical ex-

12However, all specifications include standard control variables: a foreign-ownership dummy, a multi-establishment dummy
and a set of 3-digit industry, year and county dummies.



ercise are reported in the last column of Table 4 and show that a hypothetical firm that hires one worker from
another firm, whose educational diversity is one standard deviation higher than the average level, experiences
a 0.51 (0.189%0.027) percent productivity gain.

Our findings support the hypothesis that mobile workers who come from firms characterized by high
educational diversity and therefore have had contact with co-workers with different educational backgrounds
transfer valuable knowledge to the arrival firm and thus positively affect its performance. Hence, in mov-
ing from one firm to another, workers are able to carry more valuable knowledge with them if they have
been exposed to greater educational diversity at the workplace level. Interestingly, we find similar results
with respect to diversity within arrival firms: diversity of educational background within an arrival firm’s
labor force significantly enhances firm productivity (see also Parrotta et al., 2011). These results, taken
together, are consistent with the hypothesis that interactions with co-workers with heterogeneous education,
skills, perspectives and attitudes toward problem-solving facilitates new combinations of knowledge and skill
complementarities, promoting a balanced skill-mix across different competencies within firms.

The importance of knowledge transfer via labor mobility and that of departure firms’ educational diver-
sity seems particularly heightened in manufacturing, wholesale and retail trade, and financial and business
services, as reported in Table 5. Thus, it appears that spillover from more educationally diverse workforces
is a general phenomenon that induces larger productivity gains in both service and manufacturing indus-
tries. Although the contribution of such knowledge transfers does not vary substantially across industries,
we find that firms benefit more in terms of the acquired knowledge from intra-industry worker flows than
from inter-industry ones, as the estimated coefficient of our knowledge transfer measure for within-industry
labor mobility flows is larger than the estimated coefficient for between-industry flows. This result provides
some support for the assumption that knowledge transfers can more easily yield productivity gains when
they originate with co-workers who are employed in similar environments and core businesses. Hence, as in
Stoyanov and Zubanov (2012), we find that the knowledge introduced into firms by newly hired workers is
mostly industry specific.

Table 6 shows estimates on our variable of interest according to the arrival firm size and location. It
appears that the spillover related to the average departure firm’s educational heterogeneity remains significant
and increases with the size of the arrival firm’s workforce. The estimates for single-establishment companies
are very similar to our main findings, likely because such firms represent the majority of the enterprises in
the sample. In the last column of Table 6, we exclude all firms located in Copenhagen and the surrounding
area because large cities usually have a more diverse supply of workers and a larger percentage of highly

productive firms.'® The results obtained using this exclusion do not qualitatively differ from those reported

13The only real agglomeration area in Denmark is Copenhagen and its environs.
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in Table 4.

4.2 Robustness checks

In this section, we estimate various extensions of our baseline specification by using alternative conditions
in calculating our knowledge transfer index. In this way, we determine whether and how such refinements
influence the estimates.

We begin by testing the robustness of our results with respect to the exclusion of certain types of departure
firms to investigate whether the knowledge generated by new hires is mainly related to specific characteristics
of the departure firms other than the educational diversity of their workforces. More specifically, in using
our knowledge transfer measure, we exclude newly hired workers from firms that belong to R&D-intensive
industries, that have at least one patent application at the European Patent Office,'# or that export goods or
have foreign shareholders during the year before the hire. All these refinements, reported in Table 7, generate
estimated coefficients for our variable of interest that are fairly similar to the main results. Only excluding
non-exporting firms reduces the effect of our knowledge transfer measure. Moreover, the same effect seems to
be increasing in the size of departure firms. This finding might reflect the fact that larger firms typically have
workforces characterized by greater educational heterogeneity. These results allow us to safely dismiss the
idea that the new hires might benefit the arrival firms only when they originate from highly productive firms,
i.e., innovative and internationalized firms. Hence, knowledge transfer through interaction with educationally
diverse co-workers is a broad phenomenon that involves the entire production system rather than specific
categories of enterprises.

The previous literature in this field (Song et al. 2003; Kaiser et al. 2012, Parrotta and Pozzoli 2012,
Stoyanov and Zubanov 2012) has shown that worker characteristics (i.e., education and occupation) are
notably related to their ability to transfer knowledge to new contexts and apply it there. Based on Table 8,
we can evaluate whether new workers’ education, nationality, occupation and tenure within their departure
firms affect the magnitude of the knowledge transfer effects. Starting with occupation, we divide new hires
into two categories, managers and non-managers. For each group, we separately compute our knowledge
transfer measure. For both occupational categories, we find a significant, positive contribution of spillover
from past co-workers’ educational diversity to the productivity levels of the arrival firms. Our results,
however, suggest that the knowledge transfer that occurs through manager mobility is much greater than the
knowledge transfer associated with non-managers. Stronger effects are also found when we restrict knowledge

transfer to workers who are native hires and workers with either tertiary education or a tenure of at least

14More details concerning the composition of the data set, including all patent applications sent to the European Patent Office
by Danish firms, can be found in Kaiser, et al. (2012).
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three years at the departure firms. These findings are consistent with the assumption that workers with more
education or longer job tenure usually have better employer transferability because of their superior cognitive
skills or their greater amount of time spent accumulating knowledge through interactions with co-workers.
Furthermore, by restricting the analysis to knowledge carriers who have received at least a 5 percent wage
increase after being hired by the arrival firm (a signal of the employer’s willingness to recruit the individual),
we find an even stronger effect on our variable of interest. Finally, we exclude those individuals who change
employers to work closer to their place of residence. This change may reduce the influence of family-specific
effects on an individual’s job acceptance decision. As expected, the coefficient of the average departure firm’s
educational diversity is also greater in this case than in the main analysis. In summary, the productivity gains
associated with hiring from firms with higher degrees of educational diversity are magnified when the newly
hired workers are more educated, belong to a higher occupation group, had a longer tenure at their departure
firms, experience a wage increase after moving and do not change jobs for family reasons. Therefore, it can
be argued that these worker categories are viewed as more attractive by potential arrival firms. However,
all workers seem able to transfer some degree of valuable knowledge, which suggests that knowledge that is
acquired through exposure to educationally diverse workplaces and that is transferred through job-changing
is not necessarily associated with specific types of labor inflow.

The final important robustness checks are reported in Table 9. As workers may interact not only with
their colleagues but also with other individuals living or working in the geographic area in which departure
firms are located, we alternatively compute our measure of knowledge transfers by averaging the departure
firms’ diversity calculated at the commuting area level.'> Measuring diversity at this level of geographical
aggregation'® surely helps us to understand whether knowledge transfer originates from interactions not only
with co-workers but also with other people (e.g., friends). It is noteworthy that in this test, we do not
include mobility flows in which both the departure company and the arrival company are located in the same
commuting area. If we did, it would be more difficult to capture any geographically specific effects, given that
both the arrival and the departure firms could gain from the same geographical educational heterogeneity.
Using our chosen approach, we find that the coefficient of our measure of knowledge transfer is positive
but insignificant, as reported in the first column of Table 9. This finding provides evidence that knowledge
transfers that are profitable from the firm viewpoint mainly originate from co-worker interactions.

In the last two columns of Table 9, we test whether the exposure of mobile workers to ethnic or de-
mographic diversity enhances the productivity of arrival firms. The coefficients that we estimate for these

spillover measures are positive but insignificant. This finding might be a function of communication barriers

15Using the algorithm suggested in Andersen et al. (2000), we have identified approximately 100 commuting areas.
16The commuting area diversity is calculated excluding all individuals who are employed at the sending firms.
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due to differences in language, values, age, and gender, which may somehow have hindered co-worker interac-
tions and, therefore, knowledge exchange between colleagues. Hence, according to our analysis, educational

heterogeneity is the main source of valuable knowledge transmission among co-workers.

5 Conclusions

This article investigates the effect on firm productivity of hiring workers from educationally diverse enterprises.
In particular, we evaluate how arrival firm productivity is affected by the average educational diversity of
departure firms when there is inter-firm labor mobility. From such a perspective, workers who have been
previously exposed to educationally heterogeneous co-workers are viewed as potential knowledge carriers.

To assess these learning effects, we estimate firm productivity using the algorithm suggested by Ackerberg
et al. (2006), which allows us to address the endogeneity and collinearity issues that typically arise when
structural estimation methods are used with production functions.

We find that hiring workers who have had contact and relationships with co-workers with different educa-
tional backgrounds is beneficial to arrival firm productivity because such interactions encourage the transfer
of complementary knowledge, enriching the arrival firm’s knowledge pool. Furthermore, the average depar-
ture firm’s ethnic and demographic diversity seems not to induce productivity gains for arrival firms. Thus,
our findings support the hypothesis that the exposure of poached employees to past co-workers with different
educational backgrounds promotes learning opportunities and skill complementarities in arrival firms. The
benefits that originate from departure firms’ educational diversity are particularly policy relevant because
they are distributed throughout the entire economy rather than being concentrated in innovative or highly
productive firms; the learning phenomenon that we describe is general rather than being particular to specific
categories of firms (i.e., larger, more innovative or more export oriented firms) or movers (i.e., workers with
tertiary education and long tenure).

The evidence that the average sending firm’s educational diversity contributes to arrival firm productivity
has important implications for both private and public management policy. In choosing their hiring criteria,
firms should devote more attention to the educational composition of the labor force from which they recruit
their workers. In addition, public institutions might implement policies that are intended to ease inter-firm
labor mobility (e.g., by reducing rigidity in the labor market) and that favor education in different fields of

study (e.g., by boosting investment in education).
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Table 3: Labor mobility by year and arrival firm industry and size

Total number of movers Movers’ share of the labor worforce

1996 32943 0.086
1997 31663 0.083
1998 35575 0.092
1999 70080 0.155
2000 84487 0.143
2001 79113 0.133
2002 104962 0.167
2003 82955 0.133
2004 89487 0.142
2005 94027 0.148
manufacturing 272704 0.100
construction 93649 0.168
whole sale and retail trade 167031 0.147
transport 89937 0.266
financial and business service 81087 0.159
within industry mobility 391828 0.074
between industry mobility 313464 0.059
arrival firm with less than 50 employees 130151 0.025
arrival firm with more than 50 employees 575141 0.108

il



0Tx Y%Gusx Y Tsxy “S[OAJ] 0OUROYIUSIS "UOTIR[OLI00 dNOIZ-RIUI pUR
AJ10115RPoYSOI039Y Jsurede 1snqol oIe pue suoredridal ()¢ Yim oImpodoid dei}siooq yoo[q B Julsn
pomduwios oIe SIOLID pIepuelS ‘so[rumb uornquIisp o8e seasorduwo o) 0} SUISUOR( SIONIOM paJe
A[JUSIOPIp pUR UOIYRINPd ATRPUOISS 10 ATRILIS) ISTII0 [JIM SISYIOM ‘SO[RW ‘SIOFRURU S[PPIW ‘SIOTe
-TRW ‘SIOUSIOIO0] :JO SOIRYS dFeIdAR SULIY dInjredap o) apn[our os[e Aoy [, "so[rpumb uornqrisip ode
soofordure a1} 01 SUISUO[S( SISOYIOM POFR ATJUDISHIP JO SIRYS WLIY [RALLIR 97} 9PN[OUI ¢ PUR § SUWN[O))
‘SoTmnp AJUnod pue Ieak ‘A1gsnput JIIp-¢ Jo 49s [[NJ ® AWWNP JUSTWYSI[(RISS-I)NU B ‘PIUMO-USIDIO0]
ST ULIY 91} IOY10UM OPN[OUL SUOISSOIFOI [ "POPPe anfea Jo 30[ oY) SI o[qeLreA juopuadop o, 5920\

¢68°0 £€88°0 £€¢80 7180 ¥€8°0 cd
6029¢ ¢6297 ¢6C9¥ 6397 669701 N
(2tro)  (gor0)
#x0LE°0  %x00€°0 S19USI9I0] JO dIRYS
(z800)  (6200)
%**mmw.o ***m@m.o ol JO oIeys
(se0'0)  (zv00)
#x600°0  xxx691°0 uoryeONpd AIer)Io)
(910'0)  (810°0)
sxxxVET' 0 %xx8€T°0 UOT)RONPD ATRPUODIS
(920°0)  (220°0)
%**DﬂN.D *%*wmm.o QINUdY
(670°0)  (670°0)
wxxx[8€°0  %xx09€°0 SIegeueul JO oIRYS
(620°0)  (1€0°0)
%5708 0 4% 1CE°0 SIogeurRM S[PPIW JO dIRYS
(¢v00)  (e70°0)  (130°0)
#+xG80°0  4xE80°0  4«%9E€T°0 ULIY [RALLIR A)ISIOATD NP

(80000)  (2000)  (9000)  (800°0)  (L00°0)
£55280°0  5559E0°0  44x180°0 44%C80°0 54%T60°0 XOPUI I9JSURI) 9FPS[MOW D
(0100) (110000  (21000)  (210°0)  (900°0)

w5kL9T0 556500 5448080 5549070 454TCE0 (D)3or
(0100)  (oto'0)  (81000)  (020°0)  (600°0)
15k60L°0 sk SPL0  5sex€TL0 4 STL0 54488970 ()81

A0V A0V A0V A0V ST0
() (¥) (¢) (2) (1)

symsor urewr ‘ANA1ONPoId UL UO $100J0 IoJSURI) 98PI[MOUY| 7 9[(R],

v



%0Tsx “%Gsx % Taons
:S[OAS] 90UROYIUSIS "UOIR[01100 ANOI-RIJUI PUR £IOT}SBPOSOIRIY JSUreSe Jsnqol o1e pue suoryesrdor

00¢ Umm ampedoid deijsjooq xoo[q e Suisn ponduwiod oIk SIOLIS PIePUR)S Soruwmp AIpsnpul
N3IP-¢ puR IBOA ‘SOTISLIONORIRYD SULIY oInjredop pue [RALLIR 1[0 OPN[OUI SUOISSAISAI [[Y SON

0680 168°0 €680 €680 0980 ¢80 9160 od
2885y 26297 r9ge 11¥7% 86081 0818 TLesT N
(110°0) (¥10°0) (¢£0°0) (801°0) (020°0) (810°0) (¥10°0)

s FT0°0 #7800 #G90°0 9000 #x170°0 8200 #xxIP00  XOpUI 1ojstren) aBpomouy npa
(120°0) (210°0) (1€0°0) (820°0) (620°0) (20°0) (020°0)

#5075 0 #5695 0 #4+68C°0 #6620 #xGLT°0 ) Al ] (D)301
(110°0) (210°0) (250°0) (#¥0°0) (620°0) (£20°0) (L10°0)

#xx0LL°0 #xx084°0 #xx1VL°0 #xx8CL°0 xxxGVL 0 #xxL18°0 #%xx6L9°0 (1)801

\QQNQQ\:E 40qD] \wzm.:%:.& UM MN.NEQDQ: 40qD] M.Smﬁﬁ?.@ urym 2IULIS SSIULSNG PUD [DIIUDUL] MLD\&%FGL& 2PDAY 1DIIL PUD 2]DS ]0Y M UOWINAISUO)) \mﬁm.x:wwﬁ\.ﬁﬁdﬁﬁN

AIISNpur S, WLIY [RALLIR AQ SO)RWIISH G O[(R],



0Ts Y%Gusx Y Tsxy “S[OAJ] 0OURIYIUSIS "UONR[OLI00 dNOIZ-RIUI pUR

101980 payso1agay jsurede gsnqol are pue suoryedrjdal gog Yam ampesoid derjsjooq ¥oo[q e Jursn
poinduiod aIe SIOLD PIRPURIS "SOIUIUND AISNPUI JISIP-¢ pue Ieak ‘sOI)sLojorIerd SuLly ainjredop
pue [eAllIe [jOq OPN[OUI SUOISSISAI [y ‘Poppe anfea jo So[ oy} ST o[qelres juopuadop Y], :S9I0N

€80 820 089°0 !
TFESE 0599 0109% N
(200°0) (8100) (200°0)
+45890°0 40700 £x4GE0°0 XopUl I9JSuer) a5pa[mouy npa
(¥r0°0)
3 * (D)50r
¢
#£48EL°0 saexl VL0 424680 * (m)3or
PapnyoTa 1 doy  sunf 24 suLf b Y i 007 uvyp asow ypm sutnf bu; 0y saafio)dwa ] puv (¢ uzamiaq ypm swaf burroay  seafiopdwa ()¢ uvyy ssa) ypm suf bu.

SOTISLIOYORIRTYD ULIY [RALLIR A] S9)RWIISH :Q 9[qR],

vi



%0Ts %Gusx Y Tsesy -S[OAJ] 9OURIYIUSIG "UOTIR[OLI00 dNOIZ-RIJUI pUR
A10115ePayS01039Y Jsurese 1snqod ale pue suoredjdal )O¢ Yam ainpodoid dei}siooq yoo[q & JuIsn
poInduos aIe SIOLI® PIRPUR)S “SOIUWND AIISNPUL JISIP-¢ PUe IROA ‘SOI)SLIDIORIRYD SuLIy oinjredop
pu® [RALLIR [[}0( OPN[OUI SUOISSOIZOI [ ‘POPPR oNnfea Jo S0[ oY} SI o[qelres juopuadop oy, :5970N

L68°0 106°0 6680 4|
6289 629V 629V N
(600°0) (800°0) (r10°0)
#5070°0 #46€0°0 *L30°0 XOPUI 19JStre) 9FPIIMow] Npa
(v10°0) (210°0) (610°0)
#54898°0 K5kL9T 0 kLG 0 (D)sor
(v10°0) (210°0) (910°0)
sk OVL 0 #5488L'0 #1810 (D301
saafiojdwa ] uvyy 2u0u 4 wf aungundaq  saafioydwa )1 puv ()¢ usImaq yum waf aungenda(q saafiojdwa (¢ upyy ssa ynm w.anf sungindaq
166°0 168°0 906°0 €06°0 4
6591 G657 G687 G687 N
(¢00°0) (110°0) (€10'0) (e100)
#6070 %6000 #xx9€0°0 #0070 XOPUL I9JSURL) 9FPIMOT NPD
(600°0) (610°0) (€10°0) (¢10°0)
#5690 1 0FT 0 1560980 1569980 (D)sor
(800°0) (020°0) (600°0) (110°0)
150820 #xk6LL 0 45k GEL O #xkGEL O ()31
paumo-ubiasof jou sv w.nf aungioda g wtf burgeodza wou v st wayf aunganda wyf buryuagnd wow v sv waf aungundoq  SLYSIPUL (JEY UL 10U ST W] 9ungundd ]

sorystejoRIRYD WY oinjredop Aq soyewul)si ), O[qel,

Vil



00¢ Y¥m ompadord derjsjooq ¥oo[q e Suisn ponduwiod oIe SIOIId PIEPURIS

%0Tx ‘%Csx % Tssxx
:S[OAS] 00UROYIUSIG "UOIPR[91100 ANOIZ-RIUI PUB A}IDIISBPONSOIIOY JSUTRSE JSNOI 918 pue suorpeordor

"SOTIIIND  ATI)SNpul

NSIP-¢ puR ILdA ‘SOTYSLIDIORIRYD SULIY oInjredop pue [RALLIR [JO0( SPNOUI SUOISSAISOI ([ S0\

S06°0 1160 £16°0 1680 41
26297 26297 26291 26291 N
(600°0) (80¢ (800°0) (200°0)
sV G0°0 #54650°0 #4x6€0°0 ok IF0°0 Xopul 1JSUe) OFPOIMO npo
(210°0) (¥10°0) (¢10°0) (110'0)
556920 50280 sV LT0 556920 (D)8or
(g10°0) (110°0) (010°0) (110°0)
4558CL°0 598L 0 43x G120 sisVEL0 (1)%01
$4200UL §D ‘DUDYSIP buygnwaod ayy ur abuvyd v noypm siaow fjug  sua00us s aspasoul abvm 9 ¢ 1spa] o ypm suaeows fiju)  sudaows sp “wyf aungundap ayp ur aunuay fo suvafi g 3sva) o ypm sueous fipug) SIDAOUL SB ‘SOATIRU ATU()
£06°0 £06°0 7280 2160 48]
26297 26297 26291 26297 N
(200°0) (200°0) (€10°0) (200°0)
s L€0°0 #54850°0 #45660°0 #8100 Xopup 1Jsue) 9Fpormoty npa
(110°0) (110°0) (220°0) (¢10°0)
50020 o Al #5990 (sp)%or
(010°0) (250°0) (110°0)
4axCVL 0 s CVL0 #3x8G2°0 4550620 (1)%0r
suaa0uL sv ‘suabvuvw i) 54200 §D ‘su]]00 an1q U0

54200U §D U0YDONPI fiuvpu0das 1o fuvwnsd ypm sivaous fijuo)

54200U §D U0YDONPS fiuv1142) ypm sidaow fjue)

SOT)SII0YORIRYD SIONIOM POIl A[MOU A( SojRWIISH :Q 9[(R],

V111



U0Ts ‘%UGus Y Tsgss -S[OAS] 90UROYIUFIG "UOIIR[21100 dNOIS-RIJUI pUR
A910195RPOYS0I0)0Y] Jsurede jsnqol are pue suorjedrdar (0g yym ampoadoird dei)sjooq Y20[q & 3ursn
pondwos oIk SIOLIO PIRPUR)S "SOIUIMIND AIISNPUI JISIP-¢ PUe IRoA ‘SOT)SLIDIORIRYD SULIY onjredop
pu® [eALLI® [[}0q OPN[OUI SUOISSAIZaL [ POPPe onfea jo So[ 9y} sI a[qerres juapuadop oy, 970N

9,80 988°0 G88°0 ol
2629V T6297 T6297 N
(¢10°0)
mNOO K@@Qﬁ M@,«mﬁ@.ﬁ @M@@TSOE& OE@U

(900°0)
OHOO K@@Qﬁ M@mmﬁﬁ.ﬁ @MU@T,\/OQM UHCQQQ
(£€0°0)
ﬁNOO @W@Hv\/d eale MQESEEOO BXO@QH H@mwgﬁmp @MUGMBOQ& 5@@
(600°0) (110°0) (220°0)

+x5L92°0 +5x892°0 +xx8LT°0 (D)8or
(010°0) (010°0) (910°0)

wxsVELD o 8EL°0 xx6CL 0 ()30t

fipsapap owdpabowa(q  figrssonip oyl figas42a1p paUD HuNUWULO))

I9JSURI) 98PA[MOUY JO SUOTIULOP SAIJRULISYR A( S0YRWIIISH :6 O[qe],

X



